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Sim 95% Cimil's (48 , 914 (94-9,95./4) N=/00,000



@ Not-00-old eoca.v/\?ee_
Power transformed negress ton  BoxGox(1944,1982)

g = (e px raz) 20w N (0,0 naq

TntevesT : How g depends on
Huvjbeﬂ ?

Chen Lockhaet Stephens Q002 C3S
Maybe /3/g °



@ Not-00-0 (d W&W\?ed Fiasev, ﬁ)m\cl 2004
Power transformed negress ton  BoxGox(1944,1982)
|
Ue = (0L+/a'x't-1-0“2;_jb\ EL”N (0) ’) nNoy or Siydent

Ovr‘ - -

TntevesT : How g depends on C

Hryjbeﬂ ?
Chen Loctpxaw’tsmphms Q002 C3S Yancl 200 2

Ma{jb& /5 /a : horeroe /n miles
~1 -1 ~ for ‘
[)L/ = /39\ (0"'*/5“')' < &%Lc E(‘ﬂ "") |'x. IncAase 1n (oAdiind

"Thuc deroalwe”

Proron o,p,a, A 7
Flat (modetl) prear on ’(INT»LCU-CM nlevest




Usual (L based) F-ua.ﬂu.% ... topdilional
bt onsssment - - - - - - mavgNe!

Try condfonal assessment- .

(L snmgﬂe emm@l’.ﬁ: —

Example 7 N on Novmal negresson
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Yy, = +f39c; 4+ G 2Z; 2, ~ Student(#)
n=7
Dl X ~—> -2 - o [ 2 3

y -268 -4.02 -291 22 -38 -.28 -03
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